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Research of the Fe/SiO, in Slag Model of
Copper Flash Smelting Process Based on ANFIS
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(1.Faculty of Material and Chemical Engineering, Jiangxi University of Science and Technology, Ganzhou 341000, China;

2. Central South University School of Metallurgical Science and Engineering, Changsha 410083, China)

Abstract: The Fe/SiO, in Slag model of copper flash smelting process, which has the net- structure of 3 in—put ,

single out—put data, and the membership functions are [5 3 5], was developed based on Adaptive Fuzzy Inference

System and the practical data from one Copper smelter. The results indicate the average absolute error of train

samples is 0.0055 and the relative error percentage is 1.4%. The simulation results show that the average absolute

error is 0.028% ,and the relative error percentage is 2.9% . It means that the simulative results accord to the

practical data. Thus, the model has good reference value on process optimized control of copper smelting. It also

can be used in industrial online control to replace the model of static mixture.
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Pl A /() LERIES AE R Cu /% S /% Fe /% Si0, /% MgO /% &  Fe /810,
1 165.21632 0.10160 0.65771 25.74 35.59 31.33 12.98 1.80 1.34
2 169.20800 0.10160 0.62549 25.74 35.59 31.33 12.98 1.80 1.27
3 169.05464 0.10160 0.61532 25.74 35.59 31.33 12.98 1.80 1.27

29 160.27969 0.11094 0.69666 27.56 34.07 32.17 13.16 1.74 1.19
30 162.62773 0.11094 0.66159 26.68 32.03 31.53 16.92 1.68 1.27
31 162.19352 0.11094 0.67313 26.68 32.03 31.53 16.92 1.68 1.11
43 161.27650 0.10250 0.72327 25.57 33.49 30.14 14.05 1.44 1.15
44 163.31336 0.11182 0.73077 23.44 30.70 27.63 12.88 1.32 1.15
45 162.81927 0.11182 0.71027 23.09 29.50 27.57 12.68 1.47 1.33
53 170.29170 0.10400 0.57388 25.15 33.18 32.15 14.34 1.70 1.39
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